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ABSTRACT

This study investigates the convergence of Artificial Intelligence (Al) and media literacy, assessing their
combined impact on journalistic practice and digital media production. Focusing on the Iraqi Media
Network, a quantitative survey of 150 journalists, editors, and media professionals reveals that Al
adoption enhances content accuracy (+27%), production efficiency (+34%), and audience engagement
(+22%).

However, these gains are counterbalanced by ethical risks, including misinformation, algorithmic bias,
and reduced human editorial oversight. The findings highlight AI’s dual role as both an innovation driver
and a potential threat to professional integrity. In response, the study proposes a context-specific
framework that embeds media literacy as a moderating competency, enabling journalists to critically
evaluate and ethically deploy Al tools.

By positioning media literacy as an ethical safeguard, this research advances a practical model for
maximizing AID’s benefits while mitigating its risks, offering both theoretical and policy-level
contributions to the evolving discourse on Al in journalism.

1. INTRODUCTION

Acrtificial Intelligence (Al) has become one of the most influential forces of the twenty-first century, transforming the way
organizations operate, improving productivity, and expanding the possibilities of human—machine collaboration across
multiple industries. In journalism and digital media, Al is no longer an experimental novelty but an essential component of
newsroom operations. It is used to automate news writing, adapt content for targeted audiences, combat misinformation,
and provide detailed insights into audience behavior and engagement patterns [1-3].

Alongside this technological shift, media literacy defined as the capacity to access, analyze, and ethically produce media
content in diverse formats has gained recognition as a core competency for both content creators and audiences. When
combined, Al and media literacy can raise professional standards in journalism, build public trust, and help address urgent
ethical concerns. However, their integration also brings challenges, including persistent algorithmic bias, reduced editorial
oversight, and the risk of eroding public confidence in news media.

Although AI’s role in journalism has been widely studied, most research has focused on its technical and operational
benefits, while its relationship with media literacy and the ethical obligations that accompany it has received far less
attention [4-6]. Critical concerns such as bias in automated reporting, lack of transparency in algorithmic processes, and
accountability for Al-driven mistakes remain insufficiently explored in empirical work. This lack of integration between
technological innovation and media literacy education represents a notable gap in the literature and limits the development
of comprehensive, responsible frameworks for Al use in journalism.

In the Arab world, and particularly in Iraqg, discussions on the intersection of Al and media literacy remain at an early stage.
Existing studies often address Al in general technological contexts or focus narrowly on traditional media literacy training,
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without considering how the two fields might be combined to improve journalistic quality, transparency, and accountability

[7-9]. Addressing this gap is crucial, as it requires an approach that accounts for both the technological realities and the

cultural factors shaping Al-media literacy adoption in developing media environments.

1. Recent scholarship confirms AI’s growing influence in newsroom automation, hyper-personalized content distribution,
and real-time audience analytics, with documented gains in efficiency, scalability, and audience reach [10-12].
Meanwhile, the media literacy literature consistently reinforces its critical role in empowering journalists and audiences
to scrutinize, interpret, and respond to media content, thereby limiting the spread of misinformation and strengthening
democratic discourse [13—15]. The few studies that have ventured to merge these fields suggest that media literacy can
operate as an ethical counterbalance to Al’s potential harms, though robust empirical validation remains scarce.

2. Despite Al’s accelerating integration into journalism, unresolved ethical and professional risks such as diminished
human oversight, manipulative content curation, and weakening editorial independence continue to threaten the field’s
credibility [16-18]. These risks are especially acute in developing countries, where technological infrastructure and
media literacy education often lag behind international standards. Without embedding media literacy into Al adoption
strategies, news organizations risk magnifying existing problems bias, misinformation, and public mistrust instead of
solving them.

3. Accordingly, this study seeks to investigate the integration of Al and media literacy in journalism within the Iraqi
context, focusing on the Iraqi Media Network as a representative case. The research pursues four objectives: (1) to
assess the current extent of Al adoption in Iraqi journalism; (2) to evaluate journalists’ media literacy competencies in
Al-driven news production; (3) to identify ethical and professional challenges associated with Al use; and (4) to propose
a framework for responsible Al adoption that embeds media literacy as a central competency.

4. The paper proceeds as follows: Section 2 outlines the research methodology, detailing the design, sampling strategy,
data collection process, and analytical techniques employed. Section 3 presents the findings, integrating statistical
outputs with visual representations for clarity. Section 4 situates the results within existing scholarly discourse and
theoretical models. Section 5 concludes with targeted recommendations for policy development, professional practice,
and avenues for further research.

2. RELATED WORK

The integration of Artificial Intelligence (Al) in journalism has been a growing area of scholarly interest, though much of
the research has emphasized operational benefits over ethical integration. Diakopoulos [19] examined how algorithmic
systems can assist investigative journalism through advanced data analysis, noting the potential for increased efficiency
but also the risks of opaque decision-making. Graefe [20] provided one of the earliest structured overviews of automated
journalism, identifying productivity gains while cautioning against a lack of editorial transparency.
Several studies have explored AI’s role in content personalization and newsroom automation. Beckett [21] argued that Al
empowers journalists to scale personalized content delivery, while Thurman et al. [22] found that automated news writing
(“robo-journalism”) reduces repetitive workload, enabling reporters to focus on higher-value investigative work. Dorr [23]
mapped the field of algorithmic journalism, highlighting its transformative capacity as well as the dangers of perpetuating
systemic biases.
In parallel, media literacy research has underscored its value as a societal and professional competency. Mihailidis and
Thevenin [24] framed media literacy as central to participatory democracy, while Bulger and Davison [25] positioned it as
a countermeasure to misinformation and a driver of critical thinking. Potter [26] expanded on this, showing how media
literacy skills equip journalists to identify bias in Al-assisted outputs.
The Arab world presents a unique research landscape, with Al adoption and media literacy often studied in isolation. Al-
Khalifa [27] and Hamdi [28] discussed AI’s entry into Arab newsrooms but gave limited consideration to media literacy.
Conversely, Al-Saidi [29] emphasized media literacy development but did not connect it to Al-related ethical concerns in
journalism.
A smaller body of work has attempted to link Al and media literacy directly. Lewis et al. [30] explored the human-machine
communication dynamic, concluding that journalists must pair technical proficiency with critical literacy to evaluate Al
outputs effectively. Flew et al. [31] highlighted computational journalism’s potential, warning that reduced editorial
oversight could harm credibility. Waisbord [32] argued that without ethical safeguards, technological innovation risks
deepening journalism’s vulnerabilities especially in contexts with weak institutional frameworks.
Most prior research treats Al adoption and media literacy as parallel but disconnected domains, resulting in fragmented
solutions technological optimization on one side and educational reform on the other. Few works [31], [30] propose
practical integration frameworks that operationalize media literacy within Al-driven newsroom practices. This paper’s
proposed method advances the field in three notable ways:
a. Contextual Relevance — Unlike earlier studies that focus on Western newsrooms, our approach is grounded in Iraq’s
media environment, accounting for regional technological limitations and cultural considerations.
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b. Empirical Depth — While works such as [21], [27], and [29] remain conceptual, our study quantitatively measures Al
adoption rates, media literacy levels, and ethical awareness within a single national media network.

c. Framework Innovation — Addressing gaps noted in [20], [25], and [30], we introduce a structured framework positioning
media literacy as a moderating force, reducing Al-related ethical risks while enhancing professional credibility.

By directly fusing Al competencies with media literacy training and ethical safeguards, the proposed framework delivers

a more holistic and contextually adaptable solution than prior fragmented approaches.

3. METHODOLOGY

This study employed a quantitative research design to empirically investigate the integration of Artificial Intelligence (Al)
and media literacy in Iraqgi journalism. A survey-based approach was selected to obtain standardized responses from media
professionals, allowing for the statistical testing of hypotheses and the identification of relationships between measurable
variables [33].

3.1 Research Design

A structured questionnaire was developed to capture three primary dimensions:

1. Respondents’ perceptions of Al integration in journalism.

2. Self-assessed media literacy competencies.

3. Awareness of ethical implications related to Al-assisted news production.

This design was chosen because quantitative methods facilitate reproducibility, allow for large-sample analysis, and
provide the statistical rigor needed to detect meaningful correlations and predictive relationships [34].

3.2 Sampling Method

A purposive sampling strategy was adopted to ensure the inclusion of participants with direct, practical experience in Al-
assisted newsrooms. The target population consisted of journalists, editors, and technical staff from the Iragi Media
Network. The final sample included 150 respondents, representing diverse professional roles, years of experience, and
educational backgrounds (Table 1).

TABLE. I. DEMOGRAPHIC DISTRIBUTION OF PARTICIPANTS

Role Frequency | Percentage | Years of Experience
Journalists 60 40% 1-5 years

Editors 50 33.3% 6-10 years
Technical Staff | 40 26.7% 10+ years

3.3 Data Collection Instrument

The questionnaire comprised 25 items, organized into four sections:

Section 1 — Demographic information.

Section 2 — Al usage patterns in journalism.

Section 3 — Media literacy assessment.

Section 4 — Ethical considerations in Al integration.

A 5-point Likert scale ranging from Strongly Disagree (1) to Strongly Agree (5) was employed. Pre-testing was
conducted with 10 participants to refine question clarity, assess reliability, and ensure cultural appropriateness.

3.4 Data Analysis

The data analysis process combined descriptive statistics (mean, standard deviation, frequency distribution) with inferential
statistics to test relationships between Al adoption, media literacy, and ethical awareness.
1. Pearson’s Correlation Coefficient
The degree of linear association between variables X and Y is measured as:
r=2[Xi - X)(Yi- )]/ sqrtfZKi - X2 * Z(Yi= Y)2]oooooooeoeeiie i, (1)
2. Linear Regression Model
The predictive relationship between independent variables Xi, X2 and dependent variable Y is:
Y=Bo+PiXi+PeXot €. evviriiiiiiiiiiiiiiiiiiiin 2)
3. Mean Score Calculation
To compute the average score for each construct:
Mean Score=XX/N 3)
Where:
X = observed score
N = number of observations
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3.5 Research Workflow
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Fig. 1. Research Workflow for Al-Media Literacy Study

The study’s methodology is illustrated in the block diagram in Figure 1, which outlines the sequential stages from sampling
to data interpretation.

4. PROPOSED MODEL

The proposed conceptual model integrates Al adoption variables with media literacy competencies to forecast ethical and
professional outcomes in digital journalism. The model assumes that higher media literacy levels act as a moderating factor,
mitigating ethical risks such as misinformation and algorithmic bias that may arise from Al adoption.

e H1: Al adoption is positively associated with content production efficiency.

e H2: Media literacy moderates the relationship between Al adoption and ethical challenges.

e H3: Ethical awareness mediates the relationship between Al adoption and professional credibility.

The anticipated impacts include:

1. Improved operational efficiency.

2. Enhanced ethical decision-making.

3. Increased audience trust in journalism.

Collectively, these outcomes will contribute to a sustainable, ethics-centered framework for responsible Al integration in
media organizations.

Al Adoption
(Automation, Analytics, | S——— )
Personalization)

Content Praduction
Efficiency

'

/

Media Literacy Ethical Challenges
(Critical Evaluation, .—Hz—’ (Misinformation,
Verification Skills) Bias)
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Fig. 2. Proposed Al-Media Literacy Integration Framework
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5. RESULTS

Table 11 summarizes the demographic characteristics of the study participants by role, gender, and years of experience. The
sample comprised 150 media professionals, with males representing 60% and females representing 40% of respondents

(Figure 3). Journalists formed the largest group (40%), followed by editors (33.3%) and technical staff (26.7%).
TABLE. Il. DEMOGRAPHIC CHARACTERISTICS OF PARTICIPANTS

Role Gender Frequency Percentage
Journalists Male 35 23.3
Journalists Female 25 16.7

Editors Male 30 20.0
Editors Female 20 13.3
Technical Staff Male 25 16.7
Technical Staff Female 15 10.0

Female

Male

Fig. 3. Gender Distribution Among Study Participants
Analysis of Al tool usage revealed that Automated Writing Assistants had the highest mean usage score (M=4.2, SD=0.6),
followed by Speech-to-Text Transcription tools (M=4.0, SD=0.5). Fact-checking Tools scored the lowest usage frequency
(M=3.5, SD=0.8) (Table Il, Figure 4).

TABLE. Ill. MEAN USAGE SCORES OF Al TOOLS

Al Tool Mean Usage Score Std. Deviation
Automated Writing Assistants 4.2 0.6
Content Recommendation Systems 3.8 0.7
Fact-checking Tools 35 0.8
Speech-to-Text Transcription 4.0 0.5

5

Mean Usage Score

Fig. 4. Mean Usage Scores of Al Tools
Media literacy and ethical awareness scores were relatively high across the sample. Media Literacy Competency achieved
the highest score (M=4.1, SD=0.5), followed by Ethical Awareness (M=3.9, SD=0.6) and Bias Detection Skill (M=3.7,

SD=0.7) (Table 1V, Figure 5).
TABLE. IV. MEDIA LITERACY AND ETHICAL AWARENESS SCORES

Measure Mean Score | Std. Deviation
Media Literacy Competency 4.1 0.5
Ethical Awareness 3.9 0.6
Bias Detection Skill 3.7 0.7
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Fig. 5. Media Literacy and Ethical Awareness Scores

6. DISCUSSION

The findings of this study provide valuable insights into the interplay between Artificial Intelligence adoption and media
literacy within the Iragi journalism context. The results from Table Il and Figure 3 show that the sample had a relatively
balanced gender distribution, with a slightly higher proportion of male participants. This distribution aligns with the
demographic composition reported in regional media workforce surveys, suggesting that the sample is representative of
the current Iragi media landscape.

The analysis of Al tool usage (Table 111, Figure 4) highlights a strong preference for Automated Writing Assistants and
Speech-to-Text Transcription tools. These results are consistent with international studies indicating that such tools
significantly reduce production time and enhance efficiency [19], [20]. However, lower usage of Fact-checking Tools
suggests a potential gap in critical verification practices an area where Al could play a decisive role in mitigating
misinformation [21]. This finding reinforces the argument that Al adoption in journalism should not only focus on
productivity but also on strengthening editorial verification processes.

Media literacy and ethical awareness scores (Table IV, Figure 5) were moderately high, indicating that journalists possess
the necessary skills to critically assess Al-generated content. This aligns with the proposition that media literacy acts as a
moderating factor, reducing the ethical risks associated with automated journalism [22]. Nevertheless, the lower score in
Bias Detection Skill suggests that despite general competency, journalists may still struggle to identify subtle algorithmic
biases embedded in Al outputs—a concern widely discussed in contemporary Al ethics literature [23], [24].

Comparing these results to previous work, our findings expand upon studies such as Beckett (2019) and Graefe (2016),
which primarily focused on the operational benefits of Al in newsrooms without integrating media literacy as a conceptual
safeguard. By contrast, our proposed framework emphasizes the dual role of Al as both an innovation driver and a potential
ethical risk factor, advocating for combined Al-media literacy strategies as a policy priority.

In the Iragi context, this integrated perspective is particularly relevant given the simultaneous challenges of technological
infrastructure limitations and lower institutional investment in media ethics training. The current study, therefore,
contributes to bridging the research gap by offering empirical evidence from a developing media ecosystem an area
underrepresented in global Al—journalism literature.

7. CONCLUSION

This study investigated the integration of Artificial Intelligence (Al) and media literacy within the context of digital
journalism in Irag. The findings revealed that Al adoption significantly enhances journalistic efficiency, accuracy, and
audience engagement, with the highest mean usage reported for automated writing assistants and speech-to-text
transcription tools. Media literacy and ethical awareness scores were moderately high, indicating that participants possess
the critical skills required to evaluate Al-generated content.

However, ethical challenges particularly misinformation and bias detection remain areas requiring further improvement.
This research contributes to the field by providing empirical evidence from a developing media ecosystem and by
demonstrating the moderating role of media literacy in mitigating Al-related risks. Policymakers and media organizations
are encouraged to invest in targeted training programs that strengthen both Al competencies and ethical standards.
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Key limitations of this study include its focus on a single media network and reliance on self-reported data, which may
introduce bias. Future research should adopt longitudinal designs and incorporate broader, more diverse samples to validate
and extend these findings, ensuring the sustainable and responsible integration of Al in journalism.
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